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Based on wavelet analysis and fuzzy clustering of brain magnetic resonance image segmentation technology research
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[ Abstract ] Image segmentation is the input image is divided into areas with different characteristics and extract (RIO) we are interested

in the part or the target process.Fuzzy clustering is a problem with the fuzzy mathematics method, clustering study, and has become more widely

used in many fields.Using the image gray histogram for fuzzy clustering first get appropriate grey value threshold, reuse of image segmentation,

use wavelet transform to the human brain MRI MRI image denoising and segme:

n, there will be a good segmentation effect.
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